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Abstract

In this paper, the text-independent method of person voice
identification based on the features extraction from speech signal
that characterize the linear prediction of the behavior of the
autocorrelation function of the voice signal cepstrum are considered
and developed. On the basis of a features vector the person voice
model is constructed in the maximum-plausible Gaussian mixture
form that describe the feature vector. The Voice identification is
executed by selecting model having the maximum of a posteriori
probability of its restoration by the input voice signal.

The studied and proposed method demonstrates the higher
and sufficient accuracy for speaker personal identification by his
voice using text independently, compared with results taking place
at the global level in such systems.

Keywords: voice identification, verification, voice features, voice
signal cepstrum, Gaussian mixture model.
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